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Deep learning classifies a wolf in a picture based on ... the snow in the
background!

(a) Husky classified as wolf (b) Explanation
Ribeiro et al., KDD 2016
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llitary tank classification depends on the backgroul







COMPAS crime recidivism score

DYLAN FUGETT BERNARD PARKER
- Prior Offense Prior Offense
\\ | 1attempted burglary 1resisting arrest X
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Fugett was rated low risk after being arrested with cocaine and
marijuana. He was arrested three times on drug charges after that.
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Al = Machine Learning + Big Data
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Al = Machine Learning + Big Data
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DEEP NEURAL NETWORK
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dinetworksanddeeplearning.com - Michael Nielsen, Yoshua Bengio. lan Goodfellow. and Aaron Courville, 2016.
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We risk to create algorithms we don’t fully
understand

at color are the animal’s eyes? green Human Attention SAN-2 (Yang et al.) HieCoAtt-Q (Lu et al.) Judd et al

Correlation: 0.573 Correlation: 0.527 Correlation: 0.491
hat is covering the windows? blinds Human Attention SAN-2 (Yang et al.) HieCoAtt-Q (Lu et al.) Judd et al

Correlation: -0.495 Correlation: -0.440 Correlation: 0.078



tems that recommend humans making a decision
)uld explain why

equires transparency and responsibility

E.g., in healthcare, justice, surveillance, predictive
policing, autonomous vehicles, risk scoring, ...
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e accountability for big-data algorithms

d bias and improve transparency, algorithm designers must make data sources and
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General
Data
Protection
Regulation

D . 4 o ¥
ght of explanation

ince 25 May 2018, GDPR establishes a right for all individuals to obtain “meaningful
xplanations of the logic involved” when “automated (algorithmic) individual decisio
aking”, including profiling, takes place.




